Chapter 1, Data Characteristics
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Chapter 2, Import/Export Data
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Chapter 3, Data Visualization
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Chapter 4, Exploratory Analysis
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Chapter 6, Linear Regression Analysis
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Chapter 7, The Logistic Regression Model

> Zat_x® <- seq(400,700, 10)
> pred 1 <- predict(pass_logistic,newdata=list(3at=sat_x),type="response")
> pred p «- predict(pass_probit,newdata=list (5at=sat_x|),type="response")
> plot(zat_x,pred 1,type="1",ylab="Probability",xlab="3at M",c0l=1)
> lines(sat_x,pred p,lty=2,col=2)
> legend(600,0.4,c("Logizcic™, "Probic™) ,col=c(l:2) ,pch="-")
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Chapter 8, Regression Models with Regularization
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Training and Validation Errors

True positive rate
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Small symbols show cross-validation predicted values
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Chapter 9, Classification and Regression Trees

A Difficult Classification Problem
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X2
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Impurity Measures

Classification Tree on the Data Display
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rue positive rale
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Chapter 10, CART and Beyond
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